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2 Auto- Correlation Function (ACF)

3 Partial- Auto Correlation Function (PACF)
4 Gamma Test (GT)

5 Principle Component Analysis (PCA)

6 Support Vector Regression (SVR)
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Table 2. Model Assessment Criteria
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Table 3. Total variance explained
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Fig. 4. Variation of validation indices and decomposition level of two mother wavelets (Haar and Dmey) at one-day-ahead
river flow simulation
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